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Abstract

Computational linguistics is a modern branch of linguistics,
combining linguistics with its branches of language, morphology
and syntax, and computer science.

This branch aims to benefit from computational techniques in
analyzing and studying language.

This branch has suffered greatly since its emergence, due to
the diversity and difference of language, but can (generative Al)
address the shortcomings faced by computational linguistics? This
research attempts to answer this question by exploring the
capabilities of generative Al by training it using the (In Context
Learning) pattern, and the effect of this pattern on improving its
performance.

This research comes in an introduction, two chapters, and a
conclusion. The introduction presented the objectives of the study
and the researcher's method and defined previous studies. Then
the first chapter dealt with defining generative Al and its various
training patterns. The second chapter dealt with the applied
procedures in terms of preparing the research sample and the
evaluation criteria used, then analyzing the results of the applied
study and commenting on them. Then the conclusion presented
the most important results and recommendations of the research.

Keywords: linguistic correction - Artificial intelligence -
ChatGPT - In Context Learning
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11- Beyond English: Evaluating LLMs for Arabic Grammatical
Error Correction « Kwon, Sang Yun.
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Empowering Language Models: Pre-training, Fine-Tuning,
and In-Context Learning ¢ Bijit Ghosh « Medium « 2023 «
https://medium.com/@bijit211987/the-evolution-of-language-
models-pre-training-fine-tuning-and-in-context-learning-
b63d4c161e49.

GPT-4 Technical Report « OpenAl « 2023 «
https://openai.com/index/gpt-4-research/.

Introducing Claude ¢« Anthropic Al « 2023 «
https://www.anthropic.com/news/claude-3-5-sonnet.
Language Models are Few-Shot Learners <« Brown, T., Mann,
B., & Ryder, N. < arXiv « 2020
<https://arxiv.org/abs/2005.14165.

Pre-training vs Fine-Tuning vs In-Context Learning of Large
Language Models « Miha Cacic « EntryPoint Al « 2023 «
https://www.entrypointai.com/blog/pre-training-vs-fine-
tuning-vs-in-context-learning-of-large-language-models/.

A Survey on In-Context Learning « Qingxiu Dong, Lei Li &
et al. < arXiv ¢ https://arxiv.org/abs/2301.00234.

What is Generative Al? « Cole Stryker, Mark Scapicchio «
IBM « 2024 « https://www.ibm.com/topics/generative-ai.
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